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Abstract - For faster growing environment there is a need to
analyze sentiments with accurate results and limited time
consumption. Hadoop architecture uses sentimental data for
processing. As it needs large amount of data for analysis so it
requires techniques that can give fast and accurate result. At
present, word sentimental orientation identification researches
mainly fall into two categories: Machine learning and
semantic comprehension, machine learning seems to work in
specific-field words, but cannot handle general-field words
effectively, and semantic comprehension also cannot get ideal
scores at precision and recall. Sentiments are usually
identified as either positive and negative opinions or
emotions. Sentimental analysis often comprises of terms such
as opinion mining, appraisal extraction from structured and
unstructured documents.
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I INTRODUCTION
Sentiment is a view, feeling, opinion or assessment of a
person for some product, occasion or service[1] .Sentiment
Analysis or View Mining is a stimulating Text Mining and
Natural Language Processing problem for automatic
extraction, organization and summarization of opinions and
emotions expressed in online text .Sentiment analysis is
changing traditional & web based reviews conducted by
businesses for finding public opinion about objects like
products and facilities. Sentiment Inquiry also assists entities
and organizations interested in knowing what other people
comment about a specific product, service topic, issue and
event to find an ideal choice for which they are looking for.
Sentiment analysis is of great value for business intelligence
applications [2], where business analysts can analyze public
sentiments about products, services, and policies. Sentiment
Analysis in the context of Government Intelligence aims at
removing public views on government strategies and
decisions to infer possible public reaction on implementation

of certain policies[4]. Some advantages of sentimental are
ability to adapt & create trained models for specific purposes
and contexts, Wider term coverage, Lexicon/learning
symbiosis, the detection and dimension of sentiment at the
impression level & the lesser sensitivity to changes in topic
domain. And there are some drawbacks of sentimental
analysis are like low applicability to new data because it is
necessary the availability of labelled data that could be costly
or even prohibitive, Finite digit of words in the dictionaries &
the meeting of a fixed sentiment orientation and score to
words Noisy reviews[5].

Fig.1: Sentimental analysis [3]

Il. RELATED WORK
Shoushan Li et al(2013) [6] presented significant
phenomenon, called polarity unstable, remains unsettled in the
word collection replacement which occasionally makes the
machine learning method fails. In this study, author aimed to
do sentiment classification with full thought of the polarity
shifting phenomenon by extracting some discovery rules for
noticing division jagged of sentimental words from a quantity
which consists of polarity-shifted stretches. Eric Linet et
al(2013)[7] described sorting of consumable media by mining
pertinent text for their finding features which is a slanted
process. Last attempts to do this type of feature mining have
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generally been limited in range due to having incomplete
access to user data. A lot of these studies castoff human
domain information to evaluate the inaccuracy of skin extract
using these methods. Author in his paper, placed book
appraisal text to identify nontrivial structures of a set of same
books. And made comparison by observing the books that
share appearances, eventually performing clustering on the
books in our data set. Mizumoto et al(2012) [8] presented
small polarity vocabulary, in which a word polarity is found
physically, and using many store market news, whose
polarities were not known, new words were added in the
polarity lexicon. Author proposed a mechanically dictionary
construction approach & sentiment analysis of store market
news through the dictionary. Samir Rustamov et al(2013)[9]
fused two most accurate methods ,HMM and ANFIS . The
sentimental analysis technique has been modified to take out
sentiment from the "Rotten Tomatoes" movie review
databank. The reported systems include HMM, ANFIS, & a
cross of the two. The 2 single-part systems each perform 82-
83% correct results from unedited reviews. The hybrid
scheme is able to improve correctness by a full percentage
point, completing 84% correct. It is anticipated that when a
routine insertion module is inserted, correctness will improve
to a level commensurate with human judgment. Samatcha
Thanangthanakij et al (2012) [10] discussed important
sources for service providers to get better service release and
service consumers to obtain information for decision making
before their service gaining. However, in the actual situation,
there are more than a few points of view in facility assessment
using online review. Author presented an experiential study to
apply classification-based sentiment analysis on online
reviews through manifold dimensions using natural language
dispensation methods. And aimed to discover the most
powerful part-of-speech on the sentimental psychoanalysis &
the presentation of the multi-dimensional categorization
systems. Author carried out an experiment on reviews of
restaurant with five size; i.e., taste, environment, service,
price, and cleanness, and discovered out that adjective had the
most great part-of-speech on the sentimental analysis and BR
plus was the most well-organized with the categorization
accuracy of 85.89%.

I1l. APPLICATIONS OF SENTIMENTAL ANALYSIS
When consumers have to make a decision or a choice
regarding a product, an important information is the
requirement of that creation, which is derived from the
opinion of others. Sentiment analysis can reveal what other
people think around a product. The first application of
sentiment analysis is thus giving indication & commendation
in the choice of products permitting to the wisdom of the
crowd. When you choose a product, you are generally
attracted to certain specific aspects of the product. A single
global rating could be deceiving. Sentiment examination can
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regroup the sentiments of the reviewers & estimate ratings on
certain aspects of the product. Another utility of sentimental
analysis is for corporations that want to distinguish the
opinion of customers on their products. They can then
progress the aspects that the clients found indecisive.
Sentiment analysis can also determine which aspects are more
significant for the consumers. Finally, sentiment exploration
has been proposed as a component of other technologies. An
idea is to develop information removal in text analysis by
excluding the most subjective section of a document or to
automatically suggest internet ads for products that fit the
viewer’s opinion (and removing the others). Knowing what
persons think gives numerous potentials in the
Human/Mechanism interface domain. Sentiment analysis for
determining the opinion of a customer on a product (and
consequently the reputation of the product) is the main focus
of this paper. [11]

IV.TECHNIQUES OF SENTIMENTAL ANALYSIS
Sentiment Analysis can be performed in three ways:-

e Sentiment Analysis based on Supervised Machine
learning method

e Sentiment Analysis by using Lexicon based Technique

e Sentiment Analysis By combining the above two
approaches.

A) Supervised Machine learning based Technique

In Supervised Machine learning methods, two types of data
sets are required: training dataset and test data set. Training
data set is used to trains the algorithm or system with some
inputs with known outputs. So that later on it can work with
new unknown data. Test set is collection of words or reviews
whose sentimental analysis is to be performed. An automatic
classifier learns the classification truth of the document from
the training set and the accuracy in classification can be
evaluated using the test set.
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Fig.2: Supervised learning [12]

B) Lexicon Based Technique

Lexicon Based Technique is an Unsupervised Learning
approach since it does not need prior training data sets. It is a
semantic orientation approach to belief mining in which
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sentiment polarity of benefit present in the given document
are determined by relating these features with semantic
lexicons. Semantic lexicon comprises lists of word whose
sentimentality orientation is determined already. It classifies
the file by aggregating the sentiment alignment of every
opinion words present in the document, documents with more
positive word lexicons is categorized as positive document &
the documents with more negative word lexicons is classified

as negative document [13].
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Fig.3: lexicon technique.
C) Hybrid Technique

In Hybrid Techniques both mixture of machine learning and
lexicon base approaches are used. Researchers have proved
that this mixture gives improved performance of
classification [14]. Mudinas et al. proposed an idea level
sentiment analysis system, called pSenti, which was
developed with combining lexicon based and learning-based
approaches. The main benefit of this hybrid approach using a
lexicon/learning symbiosis is to find the best of together
words- stability as well as readability from a carefully
planned lexicon and the high accuracy from a great
supervised learning algorithm. This system used lexicon
method from public resources for sentiment detection . and it
used sentiment words as features for machine learning
method.

V. CONCLUSION
In this sentimental analysis, we examined that all of the above
used techniques are not 100 percent accurate. All of these
techniques have their own advantages and disadvantages.
Machine learning technique is more accurate than lexicon
based technique. But disadvantages of machine learning
technique are, it takes too much time in performing
sentimental analysis and also is not efficient in handling large
sentiment data, machine learning technique requires labeled
data and it is difficult to obtain sufficient and accurate labeled
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data. The advantage of lexicon technique is that it do not
required any labeled data. However its disadvantage is that it
can handles data only in English language. The advantage of
hybrid technique is that it provides result by taking less time
and with high accuracy.

VI. REFERENCES

[1] Batool, R., Khattak, A. M., Magbool, J., & Lee, S. (2013,
June). Precise tweet classification and sentiment analysis.
In Computer and Information Science (ICIS).

[2] Fong, S., Zhuang, Y., Li, J., & Khoury, R. (2013, August).
Sentiment analysis of online news using MALLET.
In Computational and Business Intelligence (ISCBI).

[3] http://www.socialmediatoday.com/tags/sentiment-analysis

[4] Prabowo, R., & Thelwall, M. (2009). Sentiment analysis: A
combined approach. Journal of Informetrics.

[5] Alessia, D., Ferri, F., Grifoni, P., & Guzzo, T. (2015).
Approaches, tools and applications for sentiment analysis
implementation.  International ~ Journal ~of = Computer
Applications.

[6] Li, S.,, Wang, Z, Lee, S. Y. M., & Huang, C. R. (2013,
August). Sentiment classification with polarity shifting
detection. In Asian Language Processing (IALP).

[7]1 Lin, E., Fang, S., & Wang, J. (2013, March). Mining Online
Book Reviews for Sentimental Clustering. In Advanced
Information  Networking and Applications Workshops
(WAINA).

[8] Mizumoto, K., Yanagimoto, H., & Yoshioka, M. (2012, May).
Sentiment analysis of stock market news with semi-supervised
learning. In Computer and Information Science (ICIS).

[9] Rustamov, S., Mustafayev, E., & Clements, M. A. (2013,
April). Sentiment analysis using Neuro-Fuzzy and Hidden
Markov models of text. InSoutheastcon.

[10] Thanangthanakij, S., Pacharawongsakda, E., Tongtep, N.,
Aimmanee, P., & Theeramunkong, T. (2012, November). An
empirical study on multi-dimensional sentiment analysis from
user service reviews. In Knowledge, Information and
Creativity Support Systems (KICSS).

[11] Collomb, A., Costea, C., Joyeux, D., Hasan, O., & Brunie, L.
(2014). A study and comparison of sentiment analysis methods
for reputation evaluation. Rapport de recherché.

[12] http://www.slideshare.net/rahuldausa/introduction-to-machine-
learning-38791937.

[13] http://cacm.acm.org/magazines/2013/4/162501-techniques-
and-applications-for-sentiment analysis/abstract.

[14] Mudinas, A., Zhang, D., & Levene, M. (2012, August).
Combining lexicon and learning based approaches for concept-
level sentiment analysis. In Proceedings of the First
International Workshop on Issues of Sentiment Discovery and
Opinion Mining.

INTERNATIONAL JOURNAL OF RESEARCH IN ELECTRONICS AND COMPUTER ENGINEERING

A UNIT OF I20R

426 |Page


http://www.socialmediatoday.com/tags/sentiment-analysis
http://www.slideshare.net/rahuldausa/introduction-to-machine-learning-38791937
http://www.slideshare.net/rahuldausa/introduction-to-machine-learning-38791937
http://cacm.acm.org/magazines/2013/4/162501-techniques-and-applications-for-sentiment
http://cacm.acm.org/magazines/2013/4/162501-techniques-and-applications-for-sentiment

