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Abstract—presently a days an expanding several mental sick-

ness issue in informal organizations like computernetic 

connection, information over-burden and net powerful urge. The 

indication of disorder of these psychological issues are 

ordinarily watched idly. The indication of affliction of these 

psychological issues are normally watched inactively. In this 

system, online conduct extraction offers an opportunity to 

effectively figure out mental issues at starting time. It is difficult 

to perceive the disorder issue on the grounds that the 

psychological components thought put stock in standard 
sickness recognizing making a decision about necessities 

rundown of survey can’t be analyze by the registers of online 

social activities. This way of doing things is new and innovative 

for the preliminary of confusion recognition, it don’t trust in the 

self-divulgence of those psychological factors through the study. 

Rather, this investigation propose a machine learning approach 

that is, acknowledgment of mental issue in interpersonal 

organizations, which utilizes the trait taken from system 

information for relate to brilliant conceivable instances of 

sickness location. This paper completely use multi-source 

learning in discovery. Our method for doing things is assessed 
through a client think about with various online informal 

organizations clients of the system. Complete an examination of 

the highlights and furthermore apply machine learning classifier 

in expansive scale informational indexes and cautiously 

contemplate highlights of the three kinds of mental infections. 

 

Index Terms—Online Social Media, Mental Sickness Recogni-

tion, Attribute Extraction. 

 

I. INTRODUCTION 

Online Social Media (OSM) they have advanced toward get-

ting to be bit of the step by step life of various people. While 
OSM clearly expands, its client’s capacity to expand informal 

community’s contacts, they can viably diminish between-

individuals contact collaborations in reality. This investigation 

demonstrate that a few people conduct is more appreciates doing 

fun new things in the OSM in light of the fact that they can be 

put a flashy method for standing or mental frame of mind when 

they speak with other individuals that is, concealing who they 

truly are. Mental disorder is transforming into a hazard to 

individuals. With the quick pace of life, an ever increasing 

number of individuals are feeling mentally disturb. It is difficult 

to distinguish users mental issue in an early time to ensure user 
with the acclaim of web-based social networking, individuals are 

used to sharing their day by day activities and interacting with 

friends via web-based networking media stages, making it 

possible to use online social network data for mental disorder 

detection. In this framework find that users disorder state is 

closely related to that of his/her friends in social media, and they 

can use a tremendous scale database from real social stages to 

effectively examine the relationship of users issue states and 

social connections. Initially classify a set of psychological 

disorder associated textual and social attributes from various 

angles. Fast pace of life, improved and more individuals are 
feeling stressed. Mental sickness itself is regular and common in 

our life, excessive and chronic disorder can be rather harmful to 

people physical and emotional wellness. User’s social 

communications on social networks contain helpful prompts for 

sickness recognition. Social psychological investigations have 

mentioned two interesting observations. The first is mood 

contagion: a bad mood can be pass from one person to another 

during social interaction. The second Social Interaction: people 

are known to social interaction of other. The advancement of 

social networks like twitter, Facebook an ever increasing 

number of people will share their every day events and moods, 
and interact with friends through the social networks. We can 

classify using machine learning framework. Due to leverage 

both Facebook post content attributes and social interactions to 

enhance mental disorder detection. 

 

A. Motivation 

 

Currently huge amount of people in the world used Internet, 

and that is the need of real life there are around 2.77 billion 

peoples using online platforms around the world, up from 2.78 

billion out of 2018. But excessive use of social media or 

continuously use of internet that will directly effect on human 
body. The lot of people are addicted from social media uses. 

This addiction is may be reason for mentally stress. 

Psychologically can easily find the person is mentally disorder 

but finding socially addicted person is the main challenge. From 

this motivation inspired and trying to detect the mental disorder 

detection of people. 

 

B. Objectives 

 

To detect user’s sentiments by using user’s Facebook post 

on social network. 
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To send mail to users about to take precautions/healthy tips 

to user 

 

To maintain a security while fetching the information/data 

on a real time data on Facebook. 

 
II. LITERATURE SURVEY 

This study [1] exhibits that the etymological highlights and 

subjects talked about among the online networks can possibly 

catch the psychological status and nearness of emotional well-

being connected networks. 

 

Advantages: 1. this system so as to group psychological well-

being connected co-happening on the web networks from these 

highlights. 

 
2. This system discover 13 kinds of dejections utilizing social 

post information. 

Disadvantages: Accuracy low 

 

In this paper [2], they proposed a novel information 

accumulation component, intuitive crowdsourcing, to 

accumulate tolerant and non-patient Datasets. At that point they 

received and fabricated their own semantic and social highlights 

to prepare classifiers with the end goal of mental issue 

identification. 

 
Advantages: 1. they propose demonstrate that use dialect and 

standards of conduct, utilized especially in web based life, to 

decide if a client is experiencing two instances of mental issue. 

2. They actualize include extraction calculations which go for 

expelling and evaluating the determination inclination issue 

common in mental sickness recognition. 

 

Disadvantages: 1. only utilized explicit dialect designs. 

 

They have [3] studied about day by day stretch 

acknowledgment from cell phone information, climate 

conditions and individual characteristics. 
Advantages: 1. that day by day stress can be dependably 

perceived in view of behavioral measurements, got from the 

client’s cell phone action what’s more, from extra markers, for 

example, the climate conditions (information relating to short 

lived properties of the condition) and the identity attributes. 

 

They have [4] proposed set of rules can concurrently perform 

exact time topic noticing and sifting of outsider’s terms. 

 

Advantages: 1. they integrate each taking out of significant 

subjects and the sifting of messages on the twitter move. 
Disadvantages: 1. Accuracy is low because use bag-of-phrase 

methods. 

They examined [5] the collaboration between clients in the 

Facebook online informal community. They gathered 

information on Friendship joins and the movement information 

dependent on divider posts for a huge subset of the Facebook 

New Orleans arrange. 

 
Advantages: 1. they examine the development of movement 

between clients in the Facebook interpersonal organization. 

 

2. They studied user interaction between users. 

 

This study [6] has characteristic predispositions present in its 

procedure by using a practical and advantageous self-chose 

gathering of internet clients. 

 

Advantages: 1. they discover internet addiction of customers. 

 

2. Find 5 forms of addiction. 
Disadvantages: 1. Use confined dataset. 

 

The purpose of this is [7] to check the impact of online social 

media on customer mental sickness, in the expression of 

individual aloneness, mutual trust, and OSM obsession. 

 

Advantages: 1. this have a look at distinguishes forms of OSM 

association, and look over their relationships with social privacy, 

mutual believe, and OSM habit. 2. Find two forms of 

relationships i.e. social courting and Para social dating. 

 
In this paper [8], to investigate informal community structures 

to help conclusion examination, speaks to an intriguing 

exploration course in interpersonal organization mining. 

 

Advantages: 1. Propose to improve sentiment evaluation through 

making use of the facts about person-person relationships. 

 

Disadvantages: 1. Time consuming process. 

 

This paper[9] display depressed customers are often 

discovered apart from envy and self-esteem individuals. 

Advantages: 1. This paper locate elegance, envy, Social 
Comparison and Depressiveness. 2. Use static Data. 

Disadvantages: 1. Limited post observe. 

 

This Paper[10] located that frequent social comparisons have 

been associated with quite a number unfavourable feelings and 

behaviors, consisting of the ones directed at the self, including 

guilt, the ones directed at others, such as mendacity, and those 

directed at an out group, within the form of in-organization bias. 

 

Advantages: 1. this paper tested the connection between 

common social comparisons and damaging feelings and 
behaviors. 
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Disadvantages: 1. they cannot deal with the question of 

causality. 2. Use of self-record to degree social contrast 

frequency 

 

III. PROPOSED METHODOLOGY 

Propose framework develop new ways for recognizing mental 

occurrence of OSM people. This study collect that extract social 

network information of individuals that is matches for other 

decision to the common mental methodology, gives an amazing 

chance to effectively distinguish instances at starting time. In 

this structure, author build up a machine learning framework for 

identifying mental sickness users 

 

In proposed system approach, to plan the job as categorization 

problem to observe three types of social network mental disorder 
detection using machine learning approach: computernetic 

connection ships ,it shows something thats impossible to stop for 

establish online relationships another are Net Powerful Urge , it 

shows related to behaviors that a person can’t stop playing 

online gaming another is Information Overburden, which is 

related to unmanagble browsing. 

 

Using machine intelligence ways a factual information 

received using the ongoing disease-identifying practice in 

psychotherapist.We also take out to test many attributes of 

categories from online social media including online and offline 
inter communication ratio,network of social connections,self-

abandonment,self-exposure and bursting time-related behaviour. 

These features take control of essential aspect help as stand-in 

for sickness detection. 

 

A. Architecture 

 

 

 

 

 

 
 

 

 

 

 

Fig. 1.  System Architecture 

 

 

 

 

 
 

 

B. Algorithms 

 

1. Sentiment Analysis using Sentiwordnet Dictionary 

polarizedTokensList newList() 

 

while tokenizedTicket.hasNext() do 
tokentokenizedTicket.next() 

lemmatoken.lemma polarityScorenull 

 

if DomainDictionary.contains(lemma,pos) then if 

SentiWordNet.contains(lemma,pos) and 

SentiWordNet.getPolarity(lemma,pos) != 0) then 

polarityScore  SentiWordNet.getPolarity(lemma, 

pos) 

 

else 

 

domainDicTokenDomainDictionary.getToken(lemma, pos) 
 

if domainDicToken.PolarityOrientation == ”POSITIVE” then 

polarityScore DefaultPolarity.positive else 

 

polarityScore  DefaultPolarity.negative 

 

end if 

 

end if 

 

polarizedTokensList.add(token, polarityScore) 
 

end if 

 

end while 

 

return polarizedTokensList 

 

2. Multinomial Naive Bayes 1. Given training dataset D which 

consists of documents belonging to different class say Class A 

and Class B 

2. Calculate the prior probability of class A=number of objects 

of class A/total number of objects 
Calculate the prior probability of class B=number of objects of 

class B/total number of objects 

 

3. Find NI, the total no of frequency of each class 

 

Na=the total no of frequency of class A 

 

Nb=the total no of frequency of class B 

 

4. Find conditional probability of keyword occurrence given a 

class: 
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P (value 1/Class A) =count/ni (A) P 

(value 1/Class B) =count/ni (B) P 

(value 2/Class A) =count/ni (A) P 

(value 2/Class B) =count/ni (B) 

 

......................................... 
 

......................................... 

 

......................................... 

 

P (value n/Class B) =count/ni (B) 

 

5. Avoid zero frequency problems by applying uniform 

distribution 

6. Classify Document C based on the probability p(C/W) 

 

a. Find P (A/W) =P (A)*P (value 1/Class A)* P (value 
 

2/Class A). . . . . . . 

 

P(value n /Class A) 

 

b. Find P (B/W) =P (B)*P (value 1/Class B)* P (value 2/Class 

B)....... 

 

P(value n /Class B) 

 

7. Assign document to class that has higher probability. 
 

 

C. Software Requirements and Specification 
 

The Introduction of software requirements specification 

provides an overview of all software used in Projects which used 

the operating system windows platform (7,8 10). The lan-guage 

used to execution is java which required the JDK(Java 

development kit) JDK have many form such as 1.2, 1.3 and up 

to 1.8. Platform which used for JDK is eclipse this have lot of 

the form. To run the code in eclipse required the Server as the 

apache tomcat.Database used as the MYSQL (5.4). 

 

D. Mathematical Model 

 

1.Social Comparison primarily based capabilities: Consumer 

j, the weighted wide variety of effective information feeds 

completely based on likeliness may be computed as: 

 

P 

i M(b)
[po(a; b)Mpo(a; b)] 

 

P 

i M(b) po(a; b) 

Here, M(b) is the set of neighbors of user b. 

 

2. Social structure based features 

 

The given criticism problem is calculated to encounter structural 

hole problem. 

TP jj 
 

P C 1BP 

jj2;

1 

min    

s:t:P  P = jm  

here; Baretheadjacencymatrices 

Caredegreematrices: P 

isindicatormatrix: 

 

3. Social diversity based features 

 

In particular, the decent varieties of citizenship,genetic,moral 
and instruction can be extricated as community assorted variety 

situated highlights with Shannon evidence H as assorted variety 

list, 

H= - 
PNt  pilnpi; 

i=1 

 

 

4. Parasocial relationship 

 

The attribute of parasocial relationship is defined as, 

 

aout 
ain 

 

Here, 

 

The out mean the quantity of moves a client makes to 

companions and in signify the quantity of moves companions 

make to the client. 

 

IV. RESULT AND DISCUSSION 

A. Dataset 

The data is related to posts’ published during the year of 2014 

on the Facebook’s page of a renowned cosmetics brand. This 

dataset contains 500 of the 790 rows and part of the features 

analyzed by Moro et al. (2016). The remaining were omitted due 

to confidentiality issues. 

 

B. Results 

 

An experimental evaluation is performed to compare the 

proposed system with the existing system for evaluating 

performance. The simulation platform used is built using the 
Java framework (jdk version 8) on the Windows platform. The 
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system does not require any specific hardware to be executed; 

Any standard machine is able to run the application. 

 

The experimental result evaluation, we have notation as follows: 

 

TP: True positive (correctly predicted number of instance) 
 

FP: False positive (incorrectly predicted number of instance), 

TN: True negative (correctly predicted the number of instances 

as not required) 

 

FN false negative (incorrectly predicted the number of instances 

as not required), 

 

On the basis of this parameter, we can calculate four 

measurements 

 

Accuracy = TP+TNTP+FP+TN+FN 
Precision = TP TP+FP Recall= 

TPTP+FN 

 

F1-Measure = 2PrecisionRecall Precision+ Recall. 

 

 

 

 

 

 

 
 

 

 

 

 Fig. 2. Graph 1 

    

Sr. No. Existing  Proposed 

 Algorithm  System 

 accuracy  accuracy 

1 78%  82% 

 

Table 1: Comparative Result 

 

V. CONCLUSION 

In this framework, We can automatically identify feasible 

online users which has mental sickness problem. Mental 

sickness problem is imminent to people health. It is important to 

identify mental disorder convenient for lively consideration. 

Therefore, author presented a methodology for detecting users 

Mental disorder problem are based on monthly data from social 

networks of users, exploiting the content of publications in 

social networks and social interactions of users. Using social 
network data from the real world as a basis, we study the 

correlation between users psychological and mental disturbance 

states and their social interaction behaviors. We recommend to 

the users a doctor or a health advisor. 
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